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Abstract

Policy evaluation is central to accountable public management, but an average treatment effect is rarely sufficient
for governing complex programmes. Decision makers need to know how an intervention produced outcomes, for
whom, under which institutional conditions, at what cost, over what time period, and with what unintended
consequences. This editorial argues for an evaluative model that combines causal inference with implementation
analysis, theory, context, equity, cost, and organizational learning. Randomized and quasi-experimental designs
remain powerful tools for estimating effects, while process evaluation, realist and theory-based approaches,
qualitative inquiry, administrative-data analysis, and mixed methods can explain mechanisms and transferability.
Key challenges include attribution, selection bias, implementation variation, weak outcome measures, short
follow-up, missing data, publication incentives, and external validity. Priorities include linked administrative data,
longer-term follow-up, replication across settings, mechanism analysis, distributional effects, cost-effectiveness,
adaptive experimentation, mixed-method evaluation, and transparent reporting of null and adverse findings.
Evaluation should support policy learning and adaptation rather than merely classify programmes as successful or

unsuccessful.
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1.0 Introduction

1.1 Context and Problem Framing

Evaluation is one of the principal mechanisms through which public institutions test whether programmes achieve
intended results and whether scarce resources are being used responsibly. Yet the question 'does it work?' is usually
underspecified. Public programmes operate across heterogeneous populations, organizations, geographies,
implementation systems, and time horizons. An average effect can conceal large differences in benefit, harm,
access, or cost. Experimental and quasi-experimental methods provide powerful tools for estimating causal effects

when their assumptions are credible (Shadish et al., 2002; Imbens & Rubin, 2015), but causal attribution is only one

dimension of policy learning.

Modern evaluation therefore draws on multiple traditions. Impact evaluation estimates changes attributable to an
intervention; process evaluation examines how implementation occurred; theory-based and realist approaches
investigate mechanisms and context; cost-effectiveness analysis connects outcomes with resources; and qualitative
or mixed-method designs explore experience, institutional dynamics, and unintended consequences. Pawson and
Tilley (1997). famously frame the realist question as what works for whom in what circumstances, while Weiss
(1997) emphasizes the explanatory role of programme theory. These approaches should not be treated as
competitors to rigorous causal inference. They answer different questions required for policy decisions.

1.2 Why the Issue Matters

The growing availability of administrative data and stronger causal methods has expanded what public institutions
can evaluate, but methodological sophistication does not remove institutional constraints. Evaluations may occur
too late, focus on easily measured outcomes, ignore implementation variation, or be designed primarily to
demonstrate compliance. Deaton and Cartwright (2018) warn against treating randomized trials as automatically

sufficient for causal and policy inference, while Cartwright and Hardie (2012) emphasize that transferring evidence

requires understanding the support factors that allow causal mechanisms to operate. The proposition advanced
here is that rigorous evaluation should combine effect estimation with mechanism, implementation, context,

equity, cost, and uncertainty so that evidence can support adaptation rather than simple performance ranking.

2.0 Current Landscape

2.1 Theories of Change

Randomized evaluation remains a reference design for estimating causal effects because random assignment can
balance observed and unobserved confounders in expectation. Development economics and social policy have
greatly expanded the practical use of randomized field experiments, supported by methodological toolkits for

design, power, treatment compliance, and outcome analysis (Duflo et al.,_2007). At the same time, quasi-

experimental approaches - including difference-in-differences, regression discontinuity, instrumental variables,



and matching - permit credible evaluation when randomization is infeasible or unethical. Imbens and Wooldridge

(2009), synthesize major developments in this programme-evaluation literature, while Angrist and Pischke (2009)

helped institutionalize design-based causal reasoning across applied social science.

Evaluation practice also increasingly recognizes implementation complexity. The Medical Research Council's
guidance on complex interventions stresses the importance of process, context, and mechanisms rather than effect
estimation alone (Craig et al., 2008). Moore et al. (2015) provide detailed guidance for process evaluation, including

implementation, mechanisms of impact, and context. Theory-driven approaches offer complementary tools: White
(2009), links theory of change to impact evaluation, Donaldson (2007) emphasizes programme theory in causal

explanation, and Pawson (2013) develops realist approaches to evidence synthesis and evaluation.

2.2 Experimental and Quasi-Experimental Evaluation

Administrative data have changed the feasible scale and duration of evaluation. Government systems can provide
longitudinal records on service use, employment, taxation, education, health, benefits, and enforcement, reducing
reliance on bespoke short-term surveys. Connelly et al. (2016) describe the role of administrative data in the

broader data revolution while also emphasizing access, linkage, quality, and governance challenges. These data are
especially valuable for examining long-term outcomes and programme heterogeneity, but they require careful
understanding of how administrative processes generate observations.

2.3 Monitoring Systems

Mixed methods are also receiving renewed attention because policy relevance often depends on combining causal
estimates with explanations of implementation and external validity. Barnow et al. (2024) show how qualitative

and mixed-method components can improve the interpretation and generalizability of impact evaluations. Greene
et _al. (1989) provide a foundational framework for mixed-method purposes such as triangulation,
complementarity, development, initiation, and expansion. Creswell and Plano Clark (2018) provide practical design

principles for integrating quantitative and qualitative evidence rather than running parallel studies that never
inform one another. This logic is increasingly important when decision makers need to know not only whether an

effect occurred, but how the programme operated and whether it can travel.

2.4 Organisational Learning

Institutional guidance has also moved toward evaluation systems rather than isolated studies. Gertler et al. (2016)

connect impact-evaluation design to practical policy decisions about comparison groups, indicators, sampling, and
implementation. Chen (2015) emphasizes theory-driven evaluation as a way to link programme design,
implementation, and outcomes, while OECD (2020) documents how national evaluation systems depend on data
quality, institutional mandates, capability, and use. More recently, Jacobzone et al. (2025) argue that rigorous

impact evaluation and randomized trials remain underused in government despite their potential, highlighting
administrative data, partnerships, and capacity as practical enablers. Evaluation quality therefore depends on both
method and the institutional arrangements that commission, interpret, and act on evidence.

3.0 Critical Challenges

3.1 Attribution

Attribution remains the first methodological challenge. Non-random programme participation can produce
selection bias when participants differ systematically from nonparticipants. Quasi-experimental designs can

address some forms of bias, but credibility depends on design-specific assumptions and diagnostics. Heckman and



Smith (1995) show why social experiments and nonexperimental evaluations can diverge, while Imbens and Rubin

(2015) emphasize explicit potential-outcomes reasoning. Evaluation reports should therefore make identification

assumptions visible rather than presenting statistical adjustment as automatic causal proof.

Implementation variation creates a second challenge. A programme assigned uniformly may be delivered
differently across sites, staff, or population groups. Average effects can then combine heterogeneous interventions.
Moore et al. (2015) show why fidelity, dose, reach, mechanisms, and contextual factors should be measured

alongside outcomes. If implementation is weak, a null effect does not necessarily invalidate the policy theory; if
implementation is highly adapted, a positive effect may not be attributable to the nominal programme as originally
specified.

3.2 Contextual Dependence

External validity is a third challenge. Results from one jurisdiction, population, or implementation system may not
transfer to another. Leviton (2017) argues that generalization requires explicit attention to context and programme
theory, while Vivalt (2020) demonstrates empirically that effect sizes can vary substantially across settings. Stuart et
al. (2ou) and Tipton (2013) provide statistical approaches for assessing or improving generalizability from
experimental samples. These tools are valuable, but transfer ultimately requires substantive knowledge of
mechanisms and institutional conditions.

Outcome selection and follow-up periods create a fourth challenge. Evaluations often privilege outcomes that are
administratively available or responsive within funding cycles, even when policy goals are long term. Short follow-
up can miss delayed effects, adaptation, displacement, or harm. Administrative data can extend follow-up, but
measurement validity remains crucial because administrative indicators may reflect eligibility rules, reporting
practices, or enforcement intensity rather than underlying outcomes. Connelly et al. (2016) therefore emphasize

that large administrative datasets do not eliminate measurement problems.

3.3 Implementation Fidelity

Political and publication incentives create additional distortions. Decision makers may prefer evaluations that
confirm programme success, while researchers and journals often have stronger incentives to publish statistically
significant findings than null or adverse results. Sanderson (2002) argues that evaluation should contribute to

policy learning rather than function only as technical performance measurement. Adaptive governance requires
evidence systems in which disappointing results can trigger redesign without automatically becoming institutional
failure. This is especially important for pilot programmes where learning is the purpose of experimentation.

3.4 Balancing Adaptation with Comparability

Cost and distribution are frequently underdeveloped dimensions. A programme may produce an average benefit
but be prohibitively expensive, shift costs to another agency, or improve outcomes for already advantaged groups
while leaving others behind. Policy evaluation should therefore examine resource use, opportunity cost, and
distributional effects alongside impact. Decision-focused evaluation frameworks increasingly argue that causal

effects, cost, mechanisms, implementation, and uncertainty must be considered together rather than sequentially.



4.0 Discussion and Priorities

4.1 Integrative Discussion

Rigorous policy learning requires an evaluative portfolio rather than a hierarchy in which one design answers every
question. Randomized and quasi-experimental methods are strongest when the central uncertainty concerns
attribution. Process and qualitative methods are stronger when the uncertainty concerns implementation,
experience, or mechanism. Realist and theory-based approaches clarify causal assumptions and contextual
dependencies. Cost and decision analysis connect effects to resource constraints. Mixed methods can integrate
these strands when a decision requires several types of evidence.

This integration also changes how success should be understood. A programme with a modest average effect may
be highly valuable for a priority subgroup; a programme with a strong effect may be unsustainable at scale; a null
result may conceal successful implementation in some settings and failure in others. Deaton and Cartwright (2018)

caution that experimental estimates do not automatically identify the causal structure needed for external policy

decisions. Policy learning should therefore distinguish effect estimation from explanation and transfer.

Adaptive governance provides the institutional rationale for this broader evaluation model. Evaluation should
create feedback that can alter programme design, targeting, delivery, and resource allocation. Patton's (20m)
developmental evaluation emphasizes learning in complex and changing environments, while Sanderson (2002)

connects evaluation to learning under uncertainty. Manski (2013) adds an important decision-theoretic
perspective: public choices frequently must be made under irreducible uncertainty rather than postponed until
evidence becomes definitive. The goal is not perpetual experimentation without accountability, but structured
adaptation in which changes are evidence informed, documented, re-evaluated, and explicit about the uncertainty

decision makers still face.

Complementary scholarship informing this synthesis includes OECD. (2020); and Patton (20u). These works

broaden the evidentiary base considered across the field.

4.2 Research and Practice Priorities

First, linked administrative data should be used more systematically for long-term and population-level evaluation.
Researchers should document data-generating processes, linkage quality, missingness, coding changes, and legal
governance rather than treating administrative records as neutral observations. Longitudinal linkage can reveal

persistence, delayed effects, service substitution, and downstream costs that short studies miss.

Second, replication across settings should become a normal part of policy evaluation. Replication can distinguish
site-specific success from robust programme mechanisms and can support more credible external validity.
Researchers should report differences in institutions, populations, workforce, implementation, and economic
conditions rather than describing replication simply as repetition.

Third, mechanism and implementation measurement should accompany effect estimation. Programme theory
should specify the intermediate changes expected to produce outcomes, and process evaluation should test
whether those changes occurred. White (2009) and Moore et al. (2015) provide complementary approaches for

connecting causal pathways with implementation evidence.

Fourth, distributional analysis should be planned prospectively. Average treatment effects should be supplemented
with theoretically justified subgroup and equity analyses where sample size permits. Researchers should avoid
indiscriminate subgroup mining while still examining whether benefits and burdens differ by geography, income,
age, disability, or other policy-relevant characteristics.



Fifth, cost-effectiveness and opportunity costs should be integrated earlier. Programme costs should include
administration, staffing, training, infrastructure, monitoring, and participant burdens where relevant. Comparative
evaluations should use realistic alternatives, including existing practice, rather than comparing new interventions
only with no action.

Sixth, adaptive experimentation and mixed-method evaluation should be used where policies evolve during
implementation. Sequential trials, phased rollouts, quasi-experimental changes, and embedded qualitative inquiry
can create learning while programmes operate. Barnow et al. (2024) show how mixed methods can increase policy

relevance, particularly for external validity.

Finally, transparent reporting of null, heterogeneous, and adverse findings should be treated as a public good.
Preregistration, analysis plans, complete outcome reporting, and publication of credible null results can reduce
selective learning. Evaluation systems should reward evidence that improves decisions, even when it contradicts
the programme's original expectations.

4.3 Implications for the Journal's Scope

Policy-evaluation scholarship should contribute to institutional learning rather than merely label programmes as
successes or failures. Valuable contributions include randomized and quasi-experimental studies, natural
experiments, administrative-data analyses, implementation and process evaluations, realist and theory-based
work, cost-effectiveness studies, mixed methods, and research on evaluation use within public organizations.

The strongest studies make assumptions explicit and align methods with decisions. They explain what outcome
was measured, what counterfactual supports the causal claim, how implementation varied, whose outcomes
changed, what the intervention cost, and what limits transfer to other settings. Null and adverse findings deserve
publication when they are methodologically credible and analytically informative because policy learning depends
as much on identifying limits as on confirming benefits.

4.4 Conclusion

Policy evaluation should answer more than whether an average effect can be detected. Public managers need
evidence about mechanism, implementation, context, equity, cost, time, and unintended consequences if they are

to decide whether programmes should be expanded, modified, targeted differently, or discontinued.

No single method can supply all of that information. Causal designs, process evaluation, theory, qualitative
research, administrative data, cost analysis, and mixed methods should be combined according to the decision
problem. Evaluation becomes most valuable when it supports disciplined adaptation: learning what works, where,
for whom, why, and at what cost, while remaining transparent about uncertainty and failure.
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